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Al-Driven Data Management
with Informatica

Principal Solutions Architect

& Al come to BN E



Disclaimer: The information being provided herein is for informational purposes only. The
development, release and timing of any Informatica product, service or functionality described
herein remain at the sole discretion of Informatica and should not be relied upon in making a
purchasing decision. Statements made herein are based on information currently available, which is
subject to change. Such statements should not be relied upon as a representation, warranty or
commitment to deliver specific products, services or functionality in the future.
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Agenda

c Informatica’s perspective on Data Management

e Al-Driven Data Management in Informatica
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What is Data Management

Varying perspective

« Pointtopoint ETL; ELT; Reverse ETL

Classic medallion warehouse

Data marts

Data Mesh Platform

Data Science Platform
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What is Data Management

Informatica’s perspective

« Beyond ETL

Discovering data gaps

In-flight data cleansing and standardization

Data consolidation into a single source of truth

At-rest and in-flight data security

Persona/role-based access

Governed, trusted and socialized datasets
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What is Data Management

Multiple personas, varying skillsets

Data Engineer

Data Scientist

Data Analyst

Business Users

Application Administrators

Security/Risk Analysts
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What is Data Management

Various requirements and use cases

Modern Data
Engagement UNDERSTAND

SHARE & ACCESS &
DEMOCRATIZE s INTEGRATE

DATA

COMMUNITY

GOVERN & y CONNECT &
PROTECT - AUTOMATE

MASTER & CLEANSE &
RELATE TRUST
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Informatica Intelligent Data Management Cloud

Manage, govern and unify your data on a single platform

2 | & | @

DATA DATA API & APP DATA MDM & 360 GOVERNANCE & DATA
CATALOG INTEGRATION INTEGRATION QUALITY APPLICATIONS PRIVACY MARKETPLACE

DISCOVER & ACCESS & CONNECT & CLEANSE & MASTER & GOVERN & SHARE &
UNDERSTAND INTEGRATE AUTOMATE TRUST RELATE PROTECT DEMOCRATIZE

Al-Powered Metadata Intelligence & Automation

CLOUD-NATIVE | MICROSERVICES-BASED | API-DRIVEN  conprReBulLT &
ADVANCED PUSHDOWN OPTIMIZATION | SERVERLESS SCANNERS
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There is NO Al without Trusted Data

“Everybody’s ready for Al except your data”

(‘ Informatica

Q. cheese not sticking to pizza
All Images Videos Forums

4 Al Overview Learn more

Cheese can slide off pizza for a number of
reasons, including too much sauce, too much
cheese, or thickened sauce. Here are some

things you can try:

e Mix in sauce: Mixing cheese into the sauce helps
add maisture tolhe-shesss-encdmrauldhe sauce.

il e w sl gy

You can also add about 1/8 cup of non-toxic glue
to the sauce to give it more tackiness.

e Let the pizza cool: The cheese will settle and bond




There is NO Al without Trusted Data

“Everybody’s ready for Al except your data”

Lawyer cites fake cases generated by
ChatGPT in legal brief

The high-profile incident in a federal case highlights the need for lawyers to verify the

legal insights generated by Al-powered tools.
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There is NO Al without Trusted Data

“Everybody’s ready for Al except your data”

Zillow Al Goes Crazy. Causes $8 Billion Drop in Market Cap, a
$304 Million Operating Loss, and 2,000+ Jobs
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CLAIRE® Drives Productivity for Data Teams

Simplifies, accelerates and optimizes data management operations

23 Petabytes of Active Metadata
Organization, Industry, Data
Domains, Applications

Al-Powered Metadata
Intelligence & Automation
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CLAIRE “»

Generated Classifications

@Key Highlights

Conventional classification methods based on
Regex, algorithmic pattern recognition and
reference data requires a lot of manual
development work initially to create
organization specific classifications

CLAIRE Generated Classifications can work
without any access to data, using only
metadata to generate classifications

(o0 Benefits

CLAIRE Generated Classifications will
automate the process of classification
creation by using organization's metadata and
data patterns

This is expected to reduce time to curate and
create classifications

(‘ Informatica
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> Build >> Curate >> Govern >> Operate >> Monitor >

v Metadata Extraction v Data Profiling and Quality v Data Classification + Relationship Discovery

Enable Data Classification: D
Choose either CLAIRE generated classifications, data classification rules, or both.

Generated Data Classifications @ Data Classification Rules (]
powerad by CLAIRE™

Data Classifications (1)

[] Name 1t Type k
O E rn Data Entity

>
e ¥ ]
2 Fund Cusip Number "

'GENERATED CLASSIFICATION

Overview Associations

Associations Promotion

4 4 S @

CATALOG SOURCES TOTAL ASSOCIATIONS ® View Column




CLAIRE “»

Structure Discovery

@Key Highlights

- File pattern recognition and structure
derivation

» Usage of custom ML-powered NER ﬁnamed
entity recognition) and NLU (natural anguage
understanding) mechanisms to identify Tields
and field types

« Data and schema drift
Benefits

« Automatic file ingestion and onboarding
processes to extract and use information out
of complex files (machine data, application
data, logs, non-relational formats...g)

« Reduce errors to detect Pl information,
mitigating risk and improving security

(‘ Informatica
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Discover > Build >> Curate >> Govern >> Operate >> Monitor >
~ Intelligent Structure Model Details
Name:* isd_xml_parser
Location:* Dhiren Browse
Description:
Bedon sy <7 sonpemi B | ot s
- <server>
- <responses>
- WMWM status="success">
- <server>
- <responses>
- <Request.echoRs name="CurrentTransaction” status="success">
- <entry charge="6680" count="1" dateStamp="2023-02-23706:48:09" effectiveDate="2022-04-01" index="1" policylD="140648" sequence="1" transGroup="tC2CIDEFEB5BC40299375B0A6F774FD29" 204843
Visual Model JSON/XML Find & Actions Test Settings Relational Output %
server . Data Normalization: = Normalized

o} E’ QQ. [a =

A B c
status. ‘status_documentid
success aacd1412-37b6-4ef5-9d55-0af38..

e} (i} Request.echoRs_PK name1 status1
94f936d3-5(52-4d3b-8624-687... CurrentTransaction success
154debbe-c1f6-4ca2-ad5d-5d06.. AllTransaction success

CustomSe... [} policyltem_PK EffectiveDate Term

° 87b3e73e-f9f0-454e-8cd2-909da.. 2022-04-01

i d591e26d-5a75-42fa-b2e4-2f7fb.
ebefed68-b3d6-4dd2-85c2-d685...
o “'OV" 83354da1-44b4-455(-b1ce-8665

status 530c1794-90fa-4673-9934-618b3 .




CLAIRE “»

Integration Recommendations

@Key Highlights

« Recommendations on
transformations and DQ rules to be
applied to format/standardize the data

e Benefits

2 Dramatically reduce time-to-market

when building your data pipelines
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Discover > Curate >>

Govern

>> Operate >> Monitor >

b =@ Mapping1 @ valiid
Design
5 1 exp_key_1 1
_u b_
a (-]
= ] E2) 2 A "
s >Q-®
" o
4 Expression CLA\REmp\In! 8
O rc_2 exp_key_2 srt_2 > ® Aggregator ?
Access Policy E _ﬁ : E @ Filter o)
Aggregater QO Access Policy
%, B2B
528 22 Cleanse
o0
CLAIRE" Recommendations (6)
Cleorse
B ) .
.-EI » E"E' Data Masking
Dato Masking
Fields with potentially sensitive data were found.

» =. Mapplets

Mapplets are recommended for this mapping.

v f{i}. User-Defined Functions 9

The following user defined functions are recommended for
Employee based on the following data classifications.

Column UDF Data Classification

I Gender UserDefinedFunc... Gender

[0 MaritalStatus UserDefinedFunc... InputCheck

> 55.5. Source

EmployeePayHistory is recommended for this mapping.




CLAIRE “»

Self Integrating Systems

@Key Highlights

Fully automated data pipeline generation

Support for unstructured, semi-structured and
hierarchical data sources

Dallta masking, cleansing and standardization
rules

Support for join, union, normalization and
denormalization of data sources

Benefits

Automate, accelerate, simplify all data
management activities

Democratize data and improve productivity for
all Personas

Fully autonomous DI experience

(‘ Informatica
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> Discover > Curate >>

Govern >> Operate >> Monitor >

= o m_Validate_Load_SFDC @ valid
Design
Source
&
Torget
e > . eXp_renome
Q c] 4
Access Policy
() i
Aggregator kp_shde . exp_ports > nr_outer > e tgt_sfdc
—te —L e >Q
) & » 0; 8
828 o
oo
=]
Clecnse
CLAIRE" Recommendations (7)
0
Dato Maoski 1 .
asing A E‘H Data Masking v 3]
Eﬁ"ﬁ You can use a Data Masking fransformation to mask sensifiv
H the source Employee. You might want to mask data for the fe
fields:
Column
I BirthDate
[0 Gender

» =. Mapplets

Mapplets are recommended for this mapping.

> f{} User-Defined Functions

User-Defined Functions are recommended for this mapping.

» §_5.E. Source

EmployeePayHistory is recommended for this mapping.




CLAIRE “»

Profile Insights

@Key Highlights

« Automate the discovery of potential data
problems by analyzing profiling results

« User acceptance automatically creates
DQ rules and assigns to profiling for
monitoring

e Benefits

« Automated data quality processes save
significant time as data quality issues
are identified through deep inspection of
profiling statistics

 Productivity gains: Identify anomalies
faster by leveraging baked in proprietary
algorithms that analyze the shape of the
data, distributions, variations over time

(‘ Informatica
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> Discover >>

Build

D croc 9

Govern >>

Operate >>

i, Profile_Customers_Landing

Results

View:\ All Insight Types

000000000000 OOCOO

Definition Rules Metrics Schedule Insights

v ‘ in:\ All Columns v ‘

Insight Statement

Data appears incomplete. The column includes one or more null, blank, or empty values or values that contain only zeros.
The length of the data values in the column has a high standard deviation.

The length of the data values in the column has a high standard deviation.

The number of tokens in the column has a high standard deviation.

The data may contain special characters

Data appears incomplete. The column includes one or more null, blank, or empty values or values that contain only zeros.

The data may contain special characters

The length of the data values in the column has a high standard deviation.

Data appears incomplete. The column includes one or more null, blank, or empty values or values that contain only zeros.

The length of the data values in the column has a high standard deviation.
The number of tokens in the column has a high standard deviation.

The data may contain special characters

Data appears incomplete. The column includes one or more null, blank, or empty values or values that contain only zeros.

The length of the data values in the column has a high standard deviation.
The number of tokens in the column has a high standard deviation.

The data may contain special characters

Score
Low
High
Medium
Medium
High
High
Low
High
Medium
High
High
High
Low
Medium
Medium

Low

Monitor >

("] Hide Rejected Insights

CLAIRE copilot
Insight Type

Completeness Check
Column Length Deviation
Column Length Deviation
Column Token Deviation
Special Characters
Completeness Check
Special Characters
Column Length Deviation
Completeness Check
Column Length Deviation
Column Token Deviation
Special Characters
Completeness Check
Column Length Deviation
Column Token Deviation

Special Characters

Columns
STATUS
STATUS
EMAIL
EMAIL
EMAIL
PHONE
PHONE
GENDER
ZIPCODE
ZIPCODE
ZIPCODE
ZIPCODE
CITY
CITY
CITY
CITY

App%e
[®) Reject
D Clear




CLAIRE “»

Intelligent Glossary Associations

@ Key Highlights

« Automatic association of glossary terms with
technical assets, or recommendations on
glossary terms that can be associated with
technical assets

« Automatic tagging of all data with searchable
business terms

* NLP techniques to relate business terms to field
and column names

Benefits

+ Automated data enrichment with business
context and quality scores can significantly
enhance data discovery, governance, and quality
faster than manual approaches

« Establish foundation for users to be able to find

data searching by tags (business language)
rather than technical/physical names

(‘ Informatica
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> Discover >> Build

N

ACAD CAR FIRST TERM

CHEMICAL SAFETY QUARTILE

PRMRY_PHYSN_RQRD_OPTNL_CD

PAYER_VAL_AMT

HSA_TRNSCTMN_DESC

MAPD_PDP_CD

SRC_CLM_NASCO_PAR_CD

LAST_SCR_WITHDRAW_TOT

SPONSOR_OWN_EQP

Curate >> Operate >> Monitor >

ACADEMIC CAREER FIRST TERM CODE 84.8%

CHEMICAL SAFETY SCORE QUARTILE 83.3%

PRIMARY CARE PHYSICIAN REQUIRED

OPTIONAL CODE R
PAYER VALUE CODE AMOUNT 87.1%
HEALTH SAVINGS ACCOUNT 87.0%

TRANSACTION CODE DESCRIPTION

MEDICARE ADVANTAGE

PRESCRIPTION DRUG PRESCRIPTION 86.2%
DRUG PLAN INDICATOR CODE

SOURCE CLAIM NATIOMNAL ACCOUNTS

SERVICE COMPANY NASCO PAR CODE e

LAST SCHEDULE CONTINUING REVIEW 80.5%
WITHDRAWAL TOTAL COUNT i

SPONSOR OWNED EQUIPMENT

INDICATOR e

“CODE" is ignored because it has a low Tf-Idf
Score

“SCORE" is ignored because it has a low Tf-1df
Score.

“CARE" is ignored because it has a low Tf-Idf
Score

“CODE" is ignored because it has a low Tf-Idf
Score

“CODE" is ignored because it has a low Tf-ldf
Score

“INDICATOR" is ignored because it has a low Tf-
Idf Score

Business term has NASCO as well as full form
of NASCO. "NASCO" in Business Term does not
align with any asset letter.

“COUNT" is ignored because it has a low Tf-1df

Score \
“INDICATOR" is ignored because it has a low Tf- \

|df Score
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Data Access Management

@Key Highlights

« CLAIRE Generated Classifications allow to
identify which fields are sensitive

« Access Control Policies are defined against
Data Classifications

CDAM applies policies dynamically on read or
at runtime on write (based on context)

Benefits

3
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Discover >>

Build

»

Curate >> Operate >> Monitor >

& cdam_FIRSTNAME

"DATA ELEMENT CLASSIFICATION

Classification Rule

CLAIRE Data Classification

Associations
6 2 3 0 ..........
1
ALOG SOURCES TOTAL ASSOCIATIONS @ Column

CDAM Access Control Policy l

Rule Names Conditions

Ofuscate_PersonName Trigger this rule if:

— User Group isany of

Transformations

Assign all of the following transformations to data classes:

— Replace | T cdam_BUSINESS_ID | with regex
— Replace with consistent regex

= Replace | T cdam LAST_NAME | [hith

*****

«  Minimize the potential for human error in
manual classification processes User with Privileges
RECFIRST_NAME |HB= SECOND_NAME ~~ |RB=EMPLUYEE_NUMBER ¥ | RCCOUNTRY ~ |RB=JOB_TITLE
. o, . . . Salvador Meyer 84047 Ireland Legal Administrator
« Robust risk mitigation measures against s Townend sse Fnce Mok i
Unauthorlzed access to data Gabrielle Cuevas 13862 Germany Media Buyer
Brecken Berg 95088 Germany Electncal Engineer
. H H Ky Ma. : m; IG Media Bu: ]
« Enhance efficiency with faster time-to-value ﬁ we reae ORI :
N M M H Chaim Ford 61428 Ireland Compliance Officer
and lower TCO, avoiding multi-party solution [ Soan koo prr——
— —— E— e i ;| BECFIRST_NAME v‘aacsschD_NAME ~ | ¢ EMPLOYEE_NUMBER = | s5¢COUNTRY v | #ec JOB_TITLE
Jxkbladdhinfv 936042276038
Xwlgsxcrfcsjp 444607627894
Pkvxgxbrtcajn 5484484031640
Msduoqilcgext 6872587489830 United States Copywriter
Xagmzuogzjemn 2201799736622 Germany Cloud Solutions Architect
Lmonphcbeepze 7088887775853 Germany Quality Control Analyst
erxqmyv.aadga 3309725977403 Germany Mar|
_ User without st saosss204405 N
Q Informatica Privileges Covman ]
6649559 424 nited Kingdom ivil Engineer
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Discover >> Build >> Curate >> Govern >> Monitor >

Intelligent Continuous Tuning

Initial Tuning Results e
@ Key H |g h | Ig htS CLAIRE Tuning found a recommendation to optimize performance.
« ML algorithms to learn from previous e
executions on how to optimize configuration Differsnce inteskdurstion. _ 53.13%
to deliver better performance T S S—
« Tuning recommendation for the set of Spark :::Mwmmm — '
properties that optimizes task performance tuning:
« Silent monitoring on job executions to adjust
the Spark properties over time Tuning Recommendation
Benefits Property Name Property Value (" Tuning Recommendytion I
«  Operators are provided with Spark properties e o
(which can be very difficult to govern and St Mear sy e
optimize as there are many of them) for each epk ey measbioeniiinn Q16
run to fine tune in order to boost performance ./

» Reduced burden on developers to build
optimal jobs (no more trial and error) e CTATRE

? Apply Tuning Recommendation Cancel

(‘ Informatica



CLAIRE

Smart Engine Optimizer

“s

@Key Highlights

« Runtime analysis of job logic, using the
most optimal engine for each section of
the process

« Execution using Spark, SQL ELT and
native engines

« Optimization on performance or cost

Benefits
» Optimal execution leveraging multiple
engines

« Abstract developers from runtime,
accelerating time-to-market and
improving productivity

(‘ Informatica
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> Discover >>

Buld  >>

Curate >>

Govern >> Monitor >

anlll

1) General (2) Runtime Options € Runtime Strategy

Runtime Strategy
Requested Target Duration: Not Available

-
Advanced Cluster

Schedules the workload for distributed processing on an adies

Most performant strategy:

Most cost-efficient strategy:

Current Plan

® JOB DET PROBABILITY SCORE : 80%
This represents the probability of the job meeting the desired execution fime.

& coisource

— ) f ]

R pelBe— )

f
T3 Hierorchicol Processer }»—ool Pz Torget




CLAIRE “»

Data Observability

@Key Highlights

« Automation of data quality rules
application per governance policies

« Data quality execution and monitoring
across all instances of the business
entity

Benefits

» Data Quality Automation takes away
mundane work and saves many
hours of work

« Provides a more complete Data
Quality view

(‘ Informatica
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> Discover >> Build >>

Curate >>

Govern >> Operate >

TABLE CUSTOMERS_SALES

Overview Contains Lineage Relationships

Dimensions Latest Scores

Accuracy (2) Completeness (7) Validity (4)
‘9].84%. ‘97.28%’ ‘97.0?%’
T+0% T+0% T+0%

Rule Occurrences (13)

Name Dimension
Gender_Completeness Completeness
Phone_Accuracey Accurac Y
Phone_Completeness Completeness
Status_Completeness Completeness
Country_Validity Validity
Status_Validity Validity
Email_Validity Validity
Address_Completeness Completeness

Data Quality Stakeholders Attributes Tickets History
Rules Against Target
Accuracy (2)
Completeness (7)
Validity (4) . |
0 1
® Good
Latest Score Date Total Rows Failed Rows Primary Data Element
® 100% Jun 30, 2023, 5:0... 632 0 GENDER
02.24% Jun 30, 2023, 5:0... 632 49 PHONE_NUMBER
93.19% Jun 30, 2023, 5:0... 632 43 PHONE_NUMBER
@ 99.68% Jun 30, 2023, 5:0... 632 2 CUSTOMER_STATUS
® 99.05% Jun 30, 2023, 5:0... 632 6 COUNTRY
@ 99.68% Jun 30, 2023, 5:0... 632 2 CUSTOMER_STATUS
80.55% Jun 30, 2023, 5:0... 632 66 EMAIL
@ 99.05% Jun 30, 2023, 5:0... 632 6 ADDRESS




CLAIRE “»

Anomalies detection and alerting

@ Key Highlights
e Observe Infrastructure for Critical Jobs

« Connection observability

« CLAIRE powered self heal, Auto Tune,
auto scale, smart shutdown

* Proactive detection of anomalies on job
executions (idle time, long running jobs,
# of rows processed...)

Benefits
* Proactive detection of potential issues

« Dramatic reduction on time spent
troubleshooting and finding root causes

(‘ Informatica
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Discover >>

Build

»

Curate >>

ailll

Govern >> Operate >

aos Workflow_MS2 | Workllow

Domain : March_EBF1_2020  Rep

osirory/ Folder : PowerCenter_Repository/Folder_Multiple_session

Time disployedinGMT | €3 [

Set Alerts o

n this Workflow

Filter | Date Range: LASTWEEK w Job Status: SUCCEEDED, FA’\[ED, A. w

CLAIRE 1 Job Instances with Insighs

Show analytics for| ElapsedTime | =

ooooooooooo

r
E
H
3
©
0-00 23:00 27
Workflow Instances (1)
A..  WorkflowRun ID Status StartTime & Elopsed Time Rows Processed Rows Loaded Dota Processed Dato Loaded CPU Seconds Memory(MB Secon...  User
@ 20196402 Succeeded Mar 26,2020 T1:1.. 00:00:49 243K 0 6MB 0 Bytes 17 64K
(! DataObservability_Volume_Check_Critical_tapping lerts
Ganeral Alars Recsived frarochrs Alerts Dova nieg Mo ingusson Alars PawarConter Alarts
Jerts (2)
) Enabled @ [] Enobled  Alert Rule oo me  AltReeOn dition dified O
DotaObservabiity_Velume_Cheek Crifeol_ttopping 0o @ e e Processed, o B
O @ IS_Dame Emor it | W 23 O
[
Alert Condilion @
Rurning @D Dursor
Compima lok: > [ia greater than)
([@n ) : HH Ml : 58]
oW T fowaProcesed
uuuuuuu [ loum thaan)
) Sucees
@D trorko




CLAIRE® GPT Capabilities “#

Empowering Customers To Talk To Their Data Using Natural Language

™

vp

CLAIRE® GPT

() Informatica OMMEE BANK a 2 ?
NATURAL LANGUAGE INTERFACE TO DATA
; CLAIRE et
Here are some examples to help you get started Generative A|_powered Data Management
Ask Discover Generate
- Enhance productivity of Reduce data Data democratization and management
“ ST et 3 experienced data management by empowering business users to create
. ; management L ;
professionals with fully specifications and perform basic data
: o b ; costs ;
Business Users o dosts? Coteme S Data Engmeers automated workflows management independently.
Who are our most valuable customers in Sreports inmy How can | atom Where can | find the datasets | need to
terms of spending over the last year? | e calculate Customer Acquisition Cost
Analysts (CAC)? NATURALLANGUAGE | NATURALLANGUAGE | NATURALLANGUAGE | NATURALLANGUAGE
7 TO ETI.I 18) TO DATA QUALITY TO PREPARATION TO GOVERNANCE
What products or services do customers «=r What are the original sources of data for Are all the datasets | need to calculate
frequently buy together? = the customerretention rate report?. = CAC connected and accessible?.
What are the trends in customer Explain the lineage for the customer Create a pipelinethat calculates CAC for NATURALLANGUAGE | NATURALLANGUAGE
; retention rate data. different marketing channels.
retention rate over the last 4 quarlers? J BASED DISCOVERY BASED EXPI.ORATION

Are there any anomalies or outliers in
the customer retention rate data that
need to be investigated?

5 CROSS PRODUCT INAT';{' I:;'ﬁéE IN-CONTEXT DATA
EXPERIENCE Bicomor INTELLIGENCE POLYGLOT
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| ')31“ / 100 I




	Slide 1: AI-Driven Data Management with Informatica
	Slide 2
	Slide 3: Agenda
	Slide 4: What is Data Management
	Slide 5: What is Data Management
	Slide 6: What is Data Management
	Slide 7: What is Data Management
	Slide 8: Informatica Intelligent Data Management Cloud​
	Slide 9: There is NO AI without Trusted Data
	Slide 10: There is NO AI without Trusted Data
	Slide 11: There is NO AI without Trusted Data
	Slide 12: CLAIRE® Drives Productivity for Data Teams
	Slide 13: CLAIRE
	Slide 14: CLAIRE
	Slide 15: CLAIRE
	Slide 16: CLAIRE
	Slide 17: CLAIRE
	Slide 18: CLAIRE
	Slide 19: CLAIRE
	Slide 20: CLAIRE
	Slide 21: CLAIRE
	Slide 22: CLAIRE
	Slide 23: CLAIRE
	Slide 24: CLAIRE® GPT Capabilities
	Slide 25
	Slide 26
	Slide 27

