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Data Quality — Current State

:-g. @ Only 27% of data practitioners completely trust their data’

n Trust in data degrades as it moves further away
from its origin?

ool Up to 30% of time spent on non-value-added tasks
because of poor data quality and availability®

@ Existing hand coded approaches become error
o1 prone and do not scale

(1) Source: Data Culture Survey, IDC December 2020, N=455, Data Trust Survey, IDC December 2021 N=500
(2) Source: “In Data We Trust. Or Do We?”, Stewart Bond, IDC Directions Conference, March 2022
- (3) Source: Designing data governance that delivers value, McKinsey 2020
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Put Simply
Garbage in, Garbage out

Analytics
Data Pipelines
Migrations
Modernization

Garbage
Results
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DATA CONSUMERS

}%: Citizen Integrator f % 7 Data Scientist

ETL Developer é:} Data Engineer [ Q 7 DataAnalyst é Business Users
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DATA DATA INTEGRATION & API & APP DATA QUALITY & MDM & 360 GOVERNANCE & DATA
CATALOG ENGINEERING INTEGRATION OBSERVABILITY APPLICATIONS PRIVACY MARKETPLACE
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Al-Powered Metadata Intelligence & Automation
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Metadata System of Record
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Measure
& Monitor
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Consistent Process and Methodology
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How do we
get there?
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Cloud Data Quality

G Informatica Intelligent Cloud Services ®

My Services

API Manager AP| Portal Application Integration

Application Integration
Console

B2B Gateway B2B Partners Portal

New X

Data Governance and

Data Integration Data Mark

Catalog Choose the asset type you want to create.
Rule Specification Dictionary Verifier Cleanse
Data Profiling Data Quality Integration o-0
v [ =]
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Show all services
Deduplicate Parse Labeler
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Cancel
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(“ Informatica Data Profiling ~

Al I -t O | I I a t< a I I d G he- Profiling_with_scorecard_pionner
Profilerun 52 0f 52 220f 23 Columns  120of 12Rules 1000 Rows (All rows)  Oct 27, 2023, 3:25 PM

@ Explore

(2 by iport/Expont Results Definition Rules Metrics Schedule Insights

Scale Data [

Find Rules

k. Profiing_with_sc.. View:|
O Columns Value Distribution #Nul  %Distinct #Distinet % Non-d
Discovery an
| Company_Name 0% % 360
Web_Address x 0 x 1000
O O O Prefix 00% 0
Gontact_Name 0 1000
First_Name . [ 934

Middle_Name % Non-distinct

Q Informatica DataProfilng v

+ New..

® il Profiling_with_scorecard_pionner
Explore.

[ My Import/Export...

* Profile data to examine its o

d . [l Profing. it sc.. View:| Al Insight Types w | in:| Al Columns v ) Hide Rejected Insights 1 | Find
St ru Ct U re a n CO n te Xt U S | n g O Ut ) Insight Statement Score Insight Type Columns Status

The length of the data values in the column has a high standard deviation. Medium Column Length Deviation  FAX_Number Approved
More than 70% increase on the number of distinct values in the column between the current profi..  High Distinct Variation FAX_Number Rejected
O _t q e_ O X t e | I I p a t e S The data may contain special characters Medium Special Characters FAX_Number Approved
The length of the data values in the column has a high standard deviation. Medium Column Length Deviation  First_Name Rejected
The number of tokens in the column has a high standard deviation. Low Column Token Deviation ~ First_Name Rejected
. . (] Thelength of the data values in the column has a high standard deviation. High Golumn Length Deviation  Employees
PY D r | | d O W n 't O S e e d e't a | | S () One or more date values do not match the locale format. High Date-Locale Check Employees
() The data may contain special characters High Special Characters Industry

The length of the data values in the column has a high standard deviation. High Column Length Deviation  Contact_Name

. U
The number of tokens in the column has a high standard deviation. Medium Column Token Deviation Contact_Name Approved
a | l C I e r O | I r e S U S The data may contain special characters Medium Special Characters Contact_Name

The length of the data values in the column has a high standard deviation. High Column Length Deviation  Web_Address

The number of tokens in the column has a high standard deviation. High Column Token Deviation Address1

The length of the data values in the column has a high standard deviation. High Column Length Deviation  City

trends over time

e CLAIRE Insights on profiling
results




Cloud Data Profiling

Get to Know Your Data

* |dentify potential data issues

- Track aggregated changes on data
over time

* Provide statistics on data

* |dentify uniqueness or repeating
values (value frequencies

 |dentify patterns and formats

« Can profile Data Quality Assets

« What-if analyses to determine rule
fit

‘ Informatica
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il Protie customer

4« colapse

<
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w

Profile Customer Data
Profile run 520152 | 220123 Columne  120f 12 Rules 1000 Rows (Allrows) 0127, 2023,
Results Definition Rules Metrics Schedule
View:| CoumnsandRules | v | with:| AllStvsties -
Columns Value Distribution % Null # Null
Columns
Company_Name EE—— 0
Web_Address. — 0
Prefix —— 1007 1000
Contact Name £ oa—— 0
First_Name 5 oE— 0
Middle_Name R IO 0% 1000
Last_Name: 5 oom—— [}
Title E—— o
iddress — 0
Address — 0
city £ o— 0
State — 219
ZIP_Code oE—— 550 551
Country £ cEEEEE———— 0
F— R —— a
Data Preview (10 Rows)
L] Company_Name Web_Address Prefix
5226435 Jetpulse Pitps:/une, edurau.
5226436 Babbleopia ttp:ffmss. eduli,
s226437 Devpoint hrtps:/godaddy.co.
5226438 Gigaclub fttps://dmozorg/p..

-

225PM

Insights

% Distinct # Distinct

26%
1003

100%
03.4%
0%

98.4%

99.9%
697%
9%.7%

433%
1.5%

10

60
1000

1000
934

1000

Contact Name
Pascal Arrighetti

Edi

emvrell
Gussy Gaukrodge.

Burch Cosham

#Non-dis_. #Pattems %of Top

% Non-di..
64% 640
0% o
0% o
0% o
6.6% 66
0% o
16% 16
99.4% 994
0.1% 1
303% 303
3.9% 33
6.4% 64
16% 30
88.5% 885
e "
First_Name
Pascal
Edita
Gussy
Burch

s

@

225%
1005
100%
78.8%
259%
100%
229%

100%

16.6%
336%
849%
55.1%
267%

s

Find

Minimum... Maximu..

3 13
43 255
o 0
8 25
2 1
0 )
3 15
2 9
10 27
[ 12
2 27
4 26
3 14
4 32
i) i
Last_Name
Arrighetti
Bemwell
Gaukrodge
Casham

@

ity

Abt
Abt

Title

Rev

Mr

Ms

Informatica Ireland Ltd p. 2
Run e
Detalls  Rules
Trend n
Type Trend % Change
Nl 0%
Distinct ittt 0%
Non-distinet [ Y
Data Types (1) -
nstring(255) Documented Data Type @

String(13) 100% —
Patterns (8) e
Show only profiled columns Queries 8 8 B

Address Address1 city
6806 Warbler Circle 12th Floor Suwary
60 Corscot Gicle  Apt 1319 Loum
0259 Dixon Way Roam 1029 Pingtan
22552 Westport Te.. PO Box 90022 Winnipeg




Cloud Data Profiling Statistics e Prfing Tk

Column profiling metrics 2
™
Null (%/#) Min Value Patterns
Distinct (%/#) Max Value Documented Data Type
Non-Distinct (%/#) Min Length Inferred Data Type
Blanks (%/#) Max Length Value Frequency

Average, Sum, Std Deviation, % Rows on Top Pattern Pattern and Value Frequency
Zeros (%/#) Outlier
(for numeric data types)
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Augmented Data Quality — CLAIRE Insights for Profiling Results

Use case

» Automate the discovery of potential
data problems by analyzing profiling
results

« Results presented as Insights

» User acceptance of Insights
automatically creates Data Quality Rules
and assigns to profiling for monitoring

 Scalable framework allows expansion to
advanced Al/ML algorithms of outlier
detection

‘ Informatica

Q Informatica Data Profiling v

+ New..

@ Explore

[ My Import/Export...

B MyJobs

[ils Profiling_with.sc...

& collapse

Results

View:| All Insight Types

Profiling_with_scorecard_pionner

Compare Runs Definition Rules

\ All Columns ‘ v |

Insight Statement

The length of the data values in the column has a high standard deviation.

More than 70% increase on the number of distinet values in the column between the current profi...

The data may contain special characters

The length of the data values in the column has a high standard deviation.
The number of tokens in the column has a high standard deviation.

The length of the data values in the column has a high standard deviation.
One or more date values do not match the locale format.

The data may contain special characters

The length of the data values in the column has a high standard deviation.
The number of tokens in the column has a high standard deviation.

The data may contain special characters

The length of the data values in the column has a high standard deviation.
The number of tokens in the column has a high standard deviation.

The length of the data values in the column has a high standard deviation.

Tha nimhar ~f talanc in tha ~nlimn hae 2 hink standard daviatinn

Metrics

Schedule

Insights

Score
Medium
High
Medium
Medium
Low
High
High
High
High
Medium
Medium
High
High
High

Madisim

" Hide Rejected Insights

Insight Type

Column Length Deviation
Distinct Variation

Special Characters
Column Length Deviation
Column Token Deviation
Column Length Deviation
Date-Locale Check
Special Characters
Column Length Deviation
Column Token Deviation
Special Characters
Column Length Deviation
Column Token Deviation

Column Length Deviation

Palimn Talan Na.

Informatica Ireland Ltd + P 2

Tl

Columns
FAX_Number
FAX_Number
FAX_Number
First_Name
First_Name
Employees
Employees
Industry
Contact_Name
Contact_Name
Contact_Name
Web_Address
Address1

City

ik,

Find

Status
Approved
Rejected
Approved
Rejected

Rejected

Approved
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Cloud Data Profiling

Public API for the complete lifecycle

« Automate and scale your ability to profile
your data

« Set of REST APIs allow:
« CRUD operation for profiling tasks

« Scheduling and Execution of profiling tasks
« Monitoring
« Retrieval of profiling results

« Creation and execution of profiling queries

 Documentation available at:

« AP|Portal here
e H2L here

(‘ Informatica

G Informatica | Developer Portal

., Welcome to Informatica’s Developer Portal

Start Exploring
Informatica API Portal
Use t\ﬂf Informatica Intelligent Cloud Services REST API to interact with your Informatica Intelligent Cloud Services organization through API calls. You can use the REST API to perform tasks and obtain
@ ©
Data Governance Data Profiling Platform
and Catalog

Cloud Data
Integration

(‘ Informatica

nnnnnnn

Intelligent Cloud Services

details for your

LOGIN - EUROPE

organizati
zation. For exam

Welcome to Data Profiling

Welcome to the Informatica Intelligent Cloud Services Data Profiling REST API.

Use the Informatica Intelligent Cloud Services Data Profiling REST API to interact with your Informatica
rough API calls. You can use the REST API to perform tasks and obtain
ple,

on th

, you can perform tasks such as create, delete, and update queries

REST API versions

h ' vel r.informati m



https://developer.informatica.com/tpn/v2.0/reference
https://developer.informatica.com/tpn/v2.0/reference
https://developer.informatica.com/tpn/v4/reference/welcome
https://docs.informatica.com/data-governance-and-quality-cloud/data-profiling/h2l/1547-getting-started-with-cloud-data-profiling-rest-api/abstract.html
https://developer.informatica.com/

Empower Self-
service and
Business
Ownership

» Define metrics to measure
the quality of data within
your application’s key data
elements

« Apply DQ rules to business
processes and
applications

e Promote business and IT
collaboration

& SetCustomerStatus

or if

< Collapse



Informatica Cloud Data Quality

Turn by turn
directions for data
management instead
of “heading west”

v" Currency code must be consistent
with country code

v Employee ID must be unique

v If customer tier is bronze, then max
credit is 1000

v" Al ICD10 codes must have a verified
description

Example  KijtKat
1:  KitCat } Kit-Kat
Kit Kat
Example  North Central
?:  Midwest } Central
Great Lakes

Source Data System of Record

Text Data: Call Center Comments, Social
Media, Product Descriptions

| love my Pink 64GB iPad Pro!!!

b v v v
Color Size Product Model
Pink 64 GB iPad Pro

Enrich

Ad-l:lressLE
City-
State:

Zip Code:
Longitude:
L atitude:

1008 Avenue of the Americas
Suite 7
MNew “ork
MY
10018-5402
407325525
-4 004970




Drag and Drop No Code Data Quality into Your Pipeline

Quickly Identify & Resolve Data Inconsistencies With Integrated Cloud Data Quality

Data Pipeline:
Integration only

Data Pipeline:
Integration and
Data Quality

(‘ Informatica
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Rules, Dictionaries, Verifications and Mapplets

Dictionaries

N

Cleanse

Deduplicate

undreds of Qut-of-the-Box Accelerators

g

Parse

b

Validate

‘ Informatica

Mame & | Type Mame | Type ‘ Mame w ‘ Type Mame | Type | Mame w | Type

character_sets Dictionary E c_5SMN_Max_lndex_For_Group Cleanse gg dedupe_USA_Address_Maich Deduplicate D-E p_Parse_S55M Parse a v_USA_Validation_Discrete_Addre_. | Verifier
diacrifics_translate_infa Dictionary E _Standardize_rplee_Back_Slas.. | Cleanse gg dedupe_US_IMO_Personal_Nom... | Deduplicate I:I-E p_Parsa_US_FullMName Parse a v_USA_Validation_Discrete_Address | Verifier
domain_names_infa Dictionary E c_standardize_rplce_bck_slash... Cleanse gg dedupe_US_IMO_Maich_Compa... | Deduplicate D-E P_ParseFullMName Parse a v_USA_AddressValidafion_Mulfiline Verifier
dq_av_mailabilityscores_infa Dictionary E c_Std_Mame Cleanse gg dedupe_US_IMO_Indiv_Neme_A_. | Deduplicate |:|-E p_SM_metrics_to_ind_fields Parse 9 v_USA_AddressValidation_Gea_... Verifier
dq_av_match_code_descriptions_i.. | Dictionary E _std_tarms_mplt_associafion Cleanse gg dedupe_US_IMO_Fom_Nome_A... | Deduplicate I:l-E p_S5M Parse 9 v_U5_AddressValidation_Hybrid Verifier
iso_full_country_name_infa Dictionary E c_Titlecase Cleanse gg dedupe_CompanyMame_Match Deduplicate D-E p_Suspect_MNames Parse a v_US5_AddressValidation_Hyb_w_... Verifier
numeric_default_values_infa Dictionary E c_Uppercass Cleanse gg dedupe_BRA_Match_MName_Perso... | Deduplicate D-E p_Text_btw_Parentheses Parse 9 v_CAN_AddressVerification_Hybrid | Verifier
string_default_values_infa Dictionary E <_U5_Company_MName_5td Cleanse gg dedupe_BRA_Match_Indiv_Name... | Deduplicate |:|-E p_Text_btw_Single_Quotes Parse Q v_BRA_Validation_Discrefe_Addre... | Verifier
suspect_names_infa Dictionary E < US_FullMame Cleanse gg dedupe_BRA_Match_Company_a.. | Deduplicate D-E p_top_Level_domain Parse a v_BRA_Validation_Discrete_Address | Verifier
user_defined_dates_infa Dictionary E c_U5_Get_Company_Acronym Cleanse gg dedupe_BRA_Individual_MName_a... Deduplicate D'E p_usa_gender_assignemn... Parse a v_BRA_Parse_Muliiline_Address_... Verifier




Rule Specification + Dictionary

« Enable business users to create Rule Specifications to
perform a variety of Data Quality Actions including

Completeness, Validation and Standardization o
Dictionary

* Rule Specifications Create business logic to validate

assumptions and statements — based on decision trees and
IF/THEN/ELSE constructs

« Rules can consume dictionaries and allow for simple \'/_.
standardization

* Dictionaries

Create and manage value lists for data quality evaluation and
operations using Dictionaries.

Dictionaries can be used to identify, validate and standardize
data as part of Rule Specifications

Consumed by other assets (Rules, Cleanse, Parse)

(‘ Informatica

Rule Specification




Rule Specification + Dictionary

Validation Rule to Validate Drivers License

F255-9/1-50-017/-0
F255-9116-0192
8185763244
D0896/876

“ Informatica

Validate_Drivers_Llicense ] Valid
_[:::. a JF_ Valid

\ Invalid
Valid

© Informatica. Proprietary and Confidential.




Build Once By 1 >“ %\ ity e
and Re-use o ‘

Fverywhere
Across Cloud and
On-premises

» Ensure consistency of data quality with
centralized rules management and
execution

« Automate application of data quality
rules across sources in on-premises and
multi-cloud hybrid environments

« Embed enforcement of quality rules into
data pipelines and business processes




Innovation—DQ for Business Personas

Data Steward and Data Analys Data consumer
= =

Dimensions Latest Scores Rules Against Target
Conplatensss () [r— Vatany
Goot —
e
........ fii
& 5 2
tan
Rule Occurrences (14) 9 (s

Name Oimension

» Top Down and Bottom Up Data Quality Metrics - Easily find and request data required for business
Integrations aligned to Business Contexts objectives
 Full data quality automation from Cloud Data « Get Data Quality insights and measurements
Governance and Catalog direct on data assets to support trust
considerations

« Scorecard Metrics created by Data Quality users
surfaced to Governance consoles automatically * Interact with Business and Technical Data
and aligned to business contexts Owners




Innovation—DQ for Business Personas

Master Data Steward

* Re-use data quality rules for all MDM scenarios
automatically

» Configure data quality at business entity level,
enable for:

- Batch Data Ingestion
- Data Steward editing and maintenance
- Incremental Data Ingestion and Updates

(‘ Informatica

Citizen Integrator

¥ informatica

T
A BB OO

- Easy use and implementation of re-usable Data
Quality Rules for data assessment and correction

* Fully integrated capabilities with access to
Profiling and Insights to support mapping
development

« CLAIRE Next Transformation suggestions and
intelligence



Lightweight Execution for Data Quality

@ Feature Highlights

 Portable data quality rules for

embedding in any application or
ecosystem Secure Agent

 Data quality services for application
orchestration and point-of-entry

scenarios
» Governed by IDMC API Gateway

L ]

M O la Benefits

« Facilitate scaling outside of
Informatica run-times

i:o'i snowflake

databricks b

) Google Cloud =. LLE T ﬁ-‘:"é‘ﬁlazon

dha

Azure IF webservices

» Low latency / low volume alternative
to a DQ mapping

(‘ Informatica O\




| d
R i, Profile Customer Data
t : Compare Profile Runs 3 and 51 Run 3: Feb 13,2023, 9:36 AM  Run 51: Oct 26,2023, 3:25PM  Rows: from 1484 to 1000
O | I I I I u O U S Results Compare Runs Schedule

Compare Columns Definition Rules Metrics Insights

L]
N - Ty
jew:| Columns and Rules ‘ ~ ‘ wi‘l.h:| Compare All Runs ‘ v ‘ T | Find | & Details: Address1
\ J \. / (N

Columns % Null # Null % Distinct # Distinct % Non-distin... # Non-distin... # Patterns Data Types Minimum L

Values in Run 51
~ Columns

_ID(Removed) - - - - -
Null Values From 1416100

Track and remediate data '  vem e aom

Address1 ¥95.42% A 65.25% A 631 A30.17%

q u a | |'ty Ch a n g e S Over 'tl m e City v7.35% A34.5% 444 ¥27.15% 7 Distinet Values (F:; (::Mi: TZ )

Company_Name - - Y63.8% Y2 A63.8%

Contact_Name ¥0.07% A0.07% ¥483 - - :  Non-distinct Values From 2 to 303

Allgn da‘ta quall‘ty aC‘“Vl‘tleS Country v0.07% A111% A109 ¥11.03% (301 rows | 30.17% )

DUNS_Number ¥65.16%

Average Latest Scores by Dimensions Number of Rule Occurrences by Dimensions

with data governance and

e Y0.07% Consistency (1) validity (3) Accuracy (1) ® Good

First_Name V¥0.4%

p rlva Cy a C't I V |t | e S FAX_Number ¥56321% @ ° ::cl(::::;:able c‘,,.,:.:: —

Accuracy I
Industry ¥50.15%

Compare profile runs to
identify trends over time

0 1

Rule Occurrences (5) N9 \ Find
Name Dimension Latest Score Date Primary Data Element Description
Validity Product Validity @® 100% Mar 15,2022, 8:23 AM PRODUCT_ID Check against the referen..
Validity Price Validity @ 100% Mar 15,2022, 8:23 AM UNITPRICE Check if the Price is valid...
Validity Country Validity 86.8% Mar 15,2022, 8:23 AM COUNTRY Check if a given country i...
Check_Phone_Number Consistency @ 37.58% Mar 15,2022, 8:23 AM PHONE Check if the Phone numb...

Accuracy_Email Accuracy ® 100% Mar 15,2022, 8:23 AM EMAILADDRESS Check if the email id pres..




Cloud Data Quality Scorecard

« Definition:

Scorecards are a graphical
representation data quality scores
calculated when a user profiles a
source dataset.

 Use case;

Use scorecards to measure and
monitor data quality scores progress
over time.

Score (%) = # Valid records * 100

# Total records

(‘ Informatica

RNS/ Profile Customer D...

Average Latest Scores by Dimensions

Rule Occurrences (3)

Name Dimension Latest Score
completeness for City completeness 52.5%
Validity for Name Validity @ 25.4%
Validity for name completeness @ 75.06%

(‘ Informatica Data Govern,

Validity (1)

"

25%

Date

Dec 4,2021, 416 AM
Dec 4,2021, 4116 AM
D

ec 4,2021, 476 AM

Total Rows

84020

84020

84020

ance and Catalog

Number of Rule Occurrences by Dimensions

@ Good
eeeeeeeeeeeeeeeeeeee
@ Not ptal
Failed Rows
39910
62683
20954

Primary Data Element
cITY
NAME

NAME

VVVVVV

v

Description

Completeness for City field [l

The rule specv

|’ Find

Preview of Successful Rows

Validity for nan
Preview




Cloud Data Quality Scorecard

Details

Tab with
Scorecard

4+ New

A rome RNS/ Profile Customer D...

l”_‘ Profile Custo...

Average Latest Scores by Dimensions

Completeness (2)

64%

T0%

Rule Occurrences (3)

Name Dimension
|Comp\eiensss for City Completeness
Validity for Name Validity

Validity for name Completeness

Latest Score

52.5%

@ 254%

@ 75.06%

(‘ Informatica Data Governance and Catalog

Validity (1)

nY

25%

0%

Date
Dec 4,2021, 416 AM
Dec 4,2021, 416 AM

Dec 4,2021, 416 AM

Total Rows

84020

84020

84020

® Good
Acceptable
@ Not Acceptable

Failed Rows

39910

62683

20954

Number of Rule Occurrences by Dimensions

Completeness |

vatidiey |

Primary Data Element
cITYy
NAME

NAME

Informatica « P a
x
2 3
Values
LY, [ Find X\‘ frx]
Description

Completeness for City field  [Hll

The rule spec v .
Preview of Successful Rows

Validity for nan .
Preview of Unsuccessful Rows

(‘ Informatica

Aggregation
of rule
occurrences
per
dimension

Drill down to
Valid and
Invalid




Cloud Data Quality Scorecard

Alerting/Notifications for scorecards

Use case:

» Notify user when a Data Quality score worsens

» Allows monitoring of scores without checking
scorecards in Ul

Features:

« Triggered when scores changes from:
« Good-> Acceptable
« Acceptable -> Not Acceptable
« Good-> Not Acceptable

( Informatica

Data Quality Failure Notification for NotificationRO

O noreply@informaticacloud.com <noreply@informaticacloud.com>
To: @ umar, Nolea

(i) Retention: Exchange online 3 Years delete Expires: 29/01/2026.

) Organization: I 34 s=_F-5_ W
G Informatica Date: 2023-01-30 19:05:33 IST

Hi Manai B'sHe

@ Data Quality Status change from Acceptable to Not Acceptable

Rule Occurrence Name: NotificationRO

Description: NotificationRO

Rule Dimension: Accuracy

Rule Occurrence Thresholds: @ Mot Acceptable(Min 0% Max 60%) Acceptable(Min 60% Max 80%) @ Good{Min 80%, Max 100%)

Current Score: Previous Score:
20 0 Score Status: Not Acceptable Score Status: Acceptable
" Total Rows: 100 Total Rows: 94
Failed Rows: 10 Failed Rows: 9
v -66.67 w-250

Primary Data Element: NAME
Open Data Quality Rule




Cloud Data Quality Scorecard

Alerting/Notifications for scorecards

Features:

» Notification recipients: all ‘:"T’W“ﬁ B a) — BOR DGO
stakeholders of metrics/Rule o Settings x
© trowse
Occurrences chuad R—

ER— Saervice | Data Governance an d Catalog w Notification Summary Email Settings

* Inapp and email notification S e o i J ET :

Collaboration ]
. Duto Quality ) (]
 Ability to: : GO I R
. r . Workdiow Tesha @ Notifications View All Unread
e Turn notifications on/off at
| Status change from "Good" to "Not Acceptable” for
stakeholder/IDMC user level " Owa Qs Natfetorh o —
« Receive Realtime notifications or ! %“.%.‘;#J:.’:m‘i“&:l‘fm I
digest —
e be b
Open Rule Joan 30,2023, 1:35 PM

| Status change from “Good" to “Not Acceptable’ for
Data Quality ; DQ Rule Occurrence
Open Rule Jan 24,2023, 3.05 PM

| Status change from "Good” to “Not Acceptable” for
Data Quality : DQ Rule Occurrence
Open Rule Jan 24,2023, 2:36 PM

(‘ Informatica . \




Data Quality Exception Management

Use Cases

> Rule#1 Source 1

(rs_phone_Completeness) Exceptions

salesforce > Rule#2 — ]
(rs_isProdCodeValid)
Source ! Exception
> Rule#N Store or Flat .
Connection CSvV
ORACLE > Rule#1 > \
(rs_phone_Completeness)
e Source 2
Exceptions

(‘ Informatica




Sample Exception Data

Exception Metadata Columns

A

(

2 123 SSN can not be empty | Critical rs_checkContact | SSN,Email,Phone |ZGE10TdkNjQtNDFIYS00Zj| 01/12/2022
23 xyz@gmail.com | 456 SSN can not be empty | Critical rs_checkContact | SSN,Email,Phone |ZGE10TdkNjQtNDFIYS00Zj| 01/12/2022
49 2345678 | Missing phone number| Major rs_checkContact = SSN,Email,Phone |ZGE10TdkNjQtNDFIYS00Zj| 01/12/2022
51 | house@gmail.com 6768 SSN can not be empty | Critical rs_checkContact | SSN,Email,Phone |ZGE10TdkNjQtNDFIYS00Zj 01/12/2022
56 villa@gmail.com 45678 |Missing phone number| Major rs_checkContact | SSN,Email,Phone |ZGE10TdkNjQtNDFIYS00Zj 01/12/2022
70 |gwerty@gmail.com SSN can not be empty | Critical rs_checkContact | SSN,Email,Phone |ZGE10TdkNjQtNDFIYS00Zj| 01/12/2022
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Exception Management

New email notification with Job summary o
Started By' ua:rkd;;ren ‘
Status: Success
Q Revised / richer email update Job Summary st
- Indicates the number of rows in the data source that the exception task job read Percentage of Exceptions Found:
Exception Rows: 158
D P rO Vi d eS J O b S U m m a ry Sou rce ROWS Indicates the number of rows in which the exception task job found data quality issues. 86.3%
Exception rows ~ | Hmberofsses: -

D S O u rC e rOW S p rO C e S S e d N um ber Of Indicates the number of data quality issues that the exception task job found in the exception rows

O Exception rows S . ond ot Dot o ot e .03
identified ////1

L Number of issues found

unts per priority:

Download

exception Data
f- I Top 10 Issues
I e Shows the 1op 10 issues, each with a count of one or more

| o AN Nry

Description: Count

. / Countries - USP, GBR, UK is excluded 131

Top 10 issues : )
Rule_Escalations_Exception - exceeds 10 54
54

more then 10 escalations

d Download Exception Data file
link

overpaid 24
Name is null, so entry seems to be invalid n
name is null g
D TO p 1 O I S S U e S Country name cannot be empty 7
Invalid record or bad record, all the entries are null 3
Top 1 O Ru I es Top 10 Rules identifying issues

Q Top 10 rules identifying dentifying S R s

Description:

issues
| S S U eS Rule_List_of_Values_33767 138

Rule_String_Int_Float_Exception_40479

Rule Frcalation Excention 2106
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Data Quality for Governance and Catalog

 Unified Governance & Catalog
Capabilities

« Powerful Search Capabilities with
Browsable Hierarchies

e Goal Oriented Workflows and
Dashboards

« Al Model Governance
* Insights from Metadata with Al /ML
* Integrated Data Quality

« Hassle free Deployment & Serverless
Execution
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Natural Language Processing (NLP) for Data Quality

Rule Generation

Use Case

Automatically generate data quality rules based on
natural language and apply rules to all business entities

How It Works

Translate natural language sentences to executable Data
Quality Rules - run pre-processer to generate primitives,
use deep learning to tag entities, build data quality rule

Benefits:

Business can quickly define and execute data quality
rules per governance policies automatically and
consistently across the enterprise
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Select Technical Rule Reference

@ create a Rule () Pickan existing rule
Describe the rule © Click here to use the description from the rule template.

N
CVV number must be between 001 and 999

View Recommendations

CLAIRE Recommendations

Select to view details and create a new rule:
() IF (CVV_CVV2 > 1) AND (CVV_CVV2 < '999') THEN TRUE
@ IF (CVV_CVV2 == "1") AND (CVV_CVV2 <= '999") THEN TRUE

CLAIRE will generate and attach the following rule:

Rule Name: BT_CVV__Val_Mar 14 2022 161302

Description: ~ This is a CLAIRE generated rule based on the description
"CVV number must be between 001 and 999"

Input: CVV_Cvv2

() IF(CVV_CVV2 >="1') AND (CVV_CVV2 < '999") THEN TRUE

() IF (CVV_CVV2 >'1) AND (CVV_CVV2 <= '999") THEN TRUE
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